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Abstract

The evidential reasoning rule effectively deals with the importance of evidence and reliability. In this
study, we investigate the influence of weight normalization on evidence combinations and discuss whether evi-
dence weights should be normalized in different cases. We survey the relation between the evidential reasoning
rule and evidence discounting approach and prove that the beliefs of the former are proportional to those of the

latter. Finally, we propose a modified approach that satisfies four synthesis axioms, following an analysis of
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Fig.1  Variation of difference between ER and

weighted average with respect to A
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