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Abstract

A global space-temporal information-based sequential Monte Carlo probability hypothesis density ( SMC-
PHD) multi-target tracking algorithm is proposed to jointly extract multi-target peaks and tracks. This algo-
rithm assembles particles into multiple particle clusters based on the particles’ space distribution, constructs
relationship between tracks and clusters, updates particle labels based on particle weights, and extracts multi-
target peaks and tracks according to the evolving characteristics of the particles. Simulation results demon-

strate that the proposed algorithm provides a stable tracking performance and significantly improves multi-tar-

get information extraction accuracy.
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Fig.1  Global space-temporal information based SMC-PHD tracking module
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