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HYBRID APPROACH FOR RAISING CONVERGENCE RATE OF VARIANTS
OF CANONICAL GENETIC ALGORITHMS AND ITS GENERALIZATION

XU Chuanyu
(H angzhou Institute of Commerce, H angzhou 310035)

Abstract Aimed at the problem that VCGA with global convergence sometimes slows the convergence
rate down, this paper suggests a hybrid approach called HVCSDA which can reinforces the capability of fine
tunning of VCGA as it is near the global optimal solution. T his paper also generalizes HV CSDA in order to
adapt for a class of the modified VCGA. Two simulation examples show that HVCSDA and its generalization
can effectively raize the convergence rate of (a class of modified) VCGA. In the second simulation example,
the length of routing of 30 cities TSP is 6. 882, it is better than one that is 6. 99 by TABU -

Key words VCGA, a class of modified VCGA, convergence rate, HVCSDA and its generalization
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